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Gender Stereotypes in Perceiving Machine—Written Content: Empirical Ev—-
idence Based on an Experimental Study

Mou Yi Lan Jianfeng

Abstract: Gender stereotypes can influence pe()ple’ s assessments on writers
and content quality.Based on the CASA paradigm this study attempts to examine
whether the Al —writers with different gender labels are affected by the gender
stereotypes.An online experiment with factorial design was conducted to collect
people’ s evaluations on the content quality and expertise of the writers. The
results indicated that gender stereotypes do exist in people’ s assessments on Al—
writers and content quality. But for specific contexts readers’ appraisals of the
quality of the content and expertise of the writer vary based on the writers’
species and genders.

Keywords: machine writing; gender stereotype; robot gender; CASA

paradigm; human-machine communication



