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Exploring the Innovation of Journalism and Communication

Research Methods Empowered by Generative Artificial Intelligence

MOU Yi, NIYingying, LAN Jianfeng, MA Wenbin

Abstract: This paper examines the profound impact of artificial intelligence, especially generative
Al, on scientific research paradigms and its Application potential in social science research. With the
rapid iteration of Al technology, the scientific community increasingly recognizes the data-intensive
research paradigm. Thomas Kuhn's paradigm theory suggests that scientific research models
evolve with both scientific development and changes in the external environment. Although natural
sciences have widely adopted Al as a research method, social sciences, particularly journalism and

communication studies, still primarily view Al as a research object rather than a methodological
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tool. This study focuses on three major quantitative empirical research methods in journalism
and communication, analyzing their traditional limitations and exploring how generative Al can
empower these methods, especially in academic research tool development, data sharing, and
ethical governance. The research aims to promote innovation in social science research methods,
advance disciplinary integration, and provide new perspectives for the transformation of social
science research paradigms.

Keywords: Artificial Intelligence; Scientific Research Paradigm; Generative Al; Journalism and

Communication; Data-Intensive Research
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TAFEEAE, ST Bk SIER B S ke i A . LR TR AU AR
FH (user agents ), 1A TR AYAE BAT RN L R Geagm AR, S HE T s
YEL . XA o B — S T g R Gy BSR4, MRS AT 320 A 22
Fo. 201447, RIEAEMS (Sandvig) FAFTER TR TN ES L, REMA T
Google 825 1 vp (R FIPE SR 0L . BIFSEIAT BB T BA R R DT e HAE 1
AP AR, EFARIA 4 . WA S | R LAY, P X e RR AR T
AATE] DG HETA A R A i) . AR R I R VA 0 B WP SR I DL, A = S A PR 28
AR A B P, MRER A T Z 0GR | R AR, XI5 B
Pof WL B TR R, HESh TR T BOR T AR 28 R R A P )
AE AL, et AR CHOR PR A HEZR 1Y K e

FEEAREED, ABT #5808 4 A —Ewr st B, ®itEa
FEE B PE AT AR AR BEAR T P e s K, X SRR IR R R e 5 B AR EE &R
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GettTacH, (AnwbeE . iy BEREETN ), BHK, IOSREE RGN REIAR R 25 551k
W5 A, S GETH AT AR S, HEDRTR AT BE R T B PSR A aF P R .
W5 3 0] LA 3B B N TR B A i 1) A 8 BEARHFAAS , LAt S i A i) 47 B3 ok AR A
BUA IR 22 A0 NS, INTTE /R S52 th A] BEAETE Y BOA I A Ak . DU/RSE N GE
i Twitter HLEASZIRMFSE T 5t X EOIA A5 BE 2 i LA 0 BIFSS AR B T 1,652
A BA AN R B ] iR BB, LA g A I Ta] N SR IOR B X ST BOR FEE
A B o B X R RE AR S DSt A S B AR A by, ISR R, AR IR
BIZAAOR RE R BA A, SO 2 e T ORsFIR A Ak st 5 B IR FH P Y
BRI /N, X — A IPRAER T “ Zouifilfi i (diverse exposure hypothesis )",
FHAE A B A5 Bl AT g™ AE 5 PR B AR AR 3500 o A%t 5 ( Geschke ) 48 A4 %
TALE 10,000 MR BEIA Y Facebook BEUIALE, RN A A AW B BUA M . 2%
(T FIAE A R s 254 1 ENEE SR R, BMEE SRR b R 4 1, P
() B fAt 22 i) (homophily ) H2x S EUFE B AL M, UFEMER S I AL
T VEFCALE S . A5 B B RN B 0 AR, P 42 b 3 09 5 B 2R P 35 R B 40%,
BUIA 25 2 AR AR AR B2 A R 1S 5

IXFN B A W 8 AU ARG G Ao T R B A RE M (. B BRI B AL AR T i N 4%
BAIENPEAEA, AR AR A AT BN ZERLE A I B CFR)Z” AHIX, ARG
PRIET AT R 5 I Z 4548 0 P R A angeT s e (5 EAGRE T BE 5IREE , $an ek N2 ky
P CAnPEIEREE . e . AlERE ) Qfar 5 & 3l 1Al BARE R, TE RO R A& R Bj A2
I ESE N

A2 T2 BB AR 1 3115 N 28 BLAUL L 7E 2 B 3G A I AR 580 . 760 &5 AR HE
g, WFSEE R [ BREALE N sl 2, RIELT 1 S AR 0 I B B E
AR T BB HL. AEEELSTE BT 5, S M SRR 7~ T /BRI WM AE 5 N 4%
SRR P IR FRIER, FF A AR E ], TEAL SRR ALBE TR, BEUSs
PN = R <N il e a et (T T RN R e 1 o T o A o e e S o

(TS

h. &iE

BEA 21 HEZR5E = A 4R, 2BR(E BT IR R IEZ T L AT RO 2 TR B iy
TR AR AR AT I T E R G R WL, VR TR A
BTG S S8 5 ALIRAE RGBT ARG 5o 0 U, Sk T B i F R It
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